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1. Introduction
In the past meetings, the brief use case description and solutions/standard impacts were captured in TR on mobility optimization for AI/ML enabled RAN. This paper is targeted for further analyzing the impacts. The corresponding proposals are provided as well.

2. Discussion
In RAN3 #113e, the following agreements were captured on mobility optimization for TR 37.817: 
Input Information from UE: 
· FFS UE historical location information from MDT, e.g., Latitude, longitude, altitude, cell ID
· Radio measurements related to serving cell and neighbouring cells associated with UE location information, e.g., RSRP, RSRQ, SINR
· UE historical serving cells and their locations
· Moving velocity
· FFS predicted traffic
Input Information from the neighboring RAN nodes: 
· UE’s successful handover information in the past and received from neighboring RAN nodes
· UE’s history information from neighbor
· Position, resource status, FFS QoS parameters of historical HO-ed UE (e.g., loss rate, delay, etc.)
· Resource status and utilization prediction/estimation
· SON Reports of handovers that are successful, too-early, too-late, or handover to wrong (sub-optimal) cell 
· FFS Information about the performance of handed over UEs
Input Information from the local node: 
· UE trajectory prediction output (will be used by the RAN node internally)
· Local load prediction 
Output data
· FFS UE trajectory prediction (Latitude, longitude, altitude of UE over a future period of time)
· Estimated arrival probability in CHO and relevant confidence interval
· Predicted handover target node, candidate cells in CHO, may together with the confidence of the predication

But there are still some parameters for further discussion on mobility optimization. This paper is to discuss those points one by one. 

SA has defined NWDAF in CN based on AI. If UE mobility information is available, it is helpful for RAN node’ training model and training results. So it is proposed to consider the information from CN, given as follows: 
Information from CN (the input can be based on the information from AI based CN function): 
· UE mobility statistics parameters, e.g., UE location statistics (duration of the time slot) 
· UE mobility predications, e.g., predicated UE location information in the analytical period

On the other hand, on information from UE, we have agree on “ UE historical serving cells and their locations”. It is better to include the staying duration in the historical serving cells. In addition, UE may also report the predicated location and predicated traffic to RAN node, which is also helpful for RAN node’s decision. Therefore, the following is proposed to add in TR. 
Information from UE: 
· UE historical serving cells and their locations, which also include the staying duration in the historical serving cells
· UE can report the predicated location to RAN
· UE predicated traffic

In addition, on information from neighbor RAN nodes, we have agree on “ UE’s successful handover information in the past and received from neighboring RAN nodes”. Correspondingly, for DC case it should also be included on “ UE’s successful DC offloading information in the past and received from neighboring RAN nodes”, which will be helpful for the decision of offloading. Furthermore, the past performance for the handed over UEs and offloaded DC UEs is also helpful for RAN node’s decision. Therefore, the following is proposed to add in TR.
Information from the neighbor RAN nodes: 
· UE’s successful DC offloading information in the past and received from neighboring RAN nodes
· Information about the performance of handed over UEs and offloaded DC UEs

Based on the input from CN, UE and neighbor RAN node, the training model in RAN can perform the long or short term training. In last meeting, we have agreed that “Predicted handover target node, candidate cells in CHO, may together with the confidence of the predication”. This should also apply to the DC case, i.e., “ the predicated target SN node IDs for DC together with the confidence of the predication” should be also one of the output of the training model. In addition, we think that “ the predicated UE’s (trajectory) location with the confidence of the predication” is also important for passing it to other neighbor so that they can make a better decision. Therefore, the following is proposed to add in TR.
Output of the training model: 
· the predicated UE’s (trajectory) location with the confidence of the predication
· the predicated target SN node IDs for DC together with the confidence of the predication

Proposal): To consider the additional input and output information above for mobility optimization in NG-RAN and EN-DC.


3. Conclusion
In this contribution, the parameters were further investigated for support of AI enabled Mobility in NG-RAN and EN-DC. The following proposal is suggested to RAN3:
Proposal): To consider the additional input and output information above for mobility optimization in NG-RAN and EN-DC. 
Information from CN (the input can be based on the information from AI based CN function): 
· UE mobility statistics parameters, e.g., UE location statistics (duration of the time slot) 
· UE mobility predications, e.g., predicated UE location information in the analytical period
Information from UE: 
· UE historical serving cells and their locations, which also include the staying duration in the historical serving cells
· [bookmark: _GoBack]UE can report the predicated location to RAN
· UE predicated traffic
Information from the neighbor RAN nodes: 
· UE’s successful DC offloading information in the past and received from neighboring RAN nodes
· Information about the performance of handed over UEs and offloaded DC UEs
Output of the training model: 
· the predicated UE’s (trajectory) location with the confidence of the predication
· the predicated target SN node IDs for DC together with the confidence of the predication
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