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1. [bookmark: OLE_LINK14][bookmark: OLE_LINK13]Introduction
[bookmark: _Hlk53665621]In RAN3#112-e meeting, the solution and specification impact of AI based mobility optimization was discussed but no agreement was made.
	Mobility optimization:
AI-based trajectory/location prediction is involved in the mobility optimization case to discuss the corresponding standard impact. 

The detailed standard impacts for mobility optimization should continue to discuss at next meeting. 
For trajectory/location prediction, UE mobility history information can be the input, and UE trajectory prediction or the predicted target cell can be the output.
 To be continued...


In this contribution, we further discuss the solution and specification impact of AI based mobility.
2. Discussion
During last RAN3 meeting, the following functional framework for RAN Intelligence was agreed in [1]. 


Figure1 Functional Framework for RAN Intelligence
Therefore, we think the AI based mobility procedure can fit with the above framework and can be separate to the following steps in Figure 2. 
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Figure2 AI based mobility optimization
- Data Collection: the OAM trigger the management-based MDT and collect the UE history information and radio related information. Meanwhile, the UE can feedback the MDT and RLF report.
- Data Training: the OAM perform data training and obtain the AI model about the HO.
- Model provision: the OAM send the AI model to the gNB with the capability to perform model inference.
- Model Inference: both the source gNB and Target gNB perform the model inference to decide whether the UE can be HO to the new gNB.
- Feedback： the source/target gNB feedback the HO result to OAM, e.g. HO failure, too late HO, too early HO, HO to wrong cell.
Proposal 1: Capture the overall procedure of AI based mobility optimization into the TR.
As to the input and output of the model inference, we propose:
	Use case
	Input
	Output

	Mobility optimization
	UE historical location information, 
UE moving direction
UE velocity
Radio measurements related to serving cell and neighbouring cells associated with UE location information, e.g., RSRP, RSRQ.
	UE trajectory prediction 
The predicted Target cell
HO admission
HO decision


As to the specification impact, the Xn interface to exchange model training result data between source and target node will be introduced.
Proposal 2: The HANDOVER REQUEST and HANDOVER REQUEST ACKNOWLEDGE message should be enhanced to include some model training result.
3. Conclusion
Based on the discussion, we propose the following:
Proposal 1: Capture the overall procedure of AI based mobility optimization into the TR.
Proposal 2: The HANDOVER REQUEST and HANDOVER REQUEST ACKNOWLEDGE message should be enhanced to include some model training result.
4. Reference
[1]. TR 37.817, Study on enhancement for Data Collection for NR and EN-DC
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